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Abstract 
 
 
 
 
 
 
A new semi-supervised Word Sense Disambiguation (WSD) bootstrapping 
algorithm is developed which alleviates very strongly the knowledge 
acquisition bottleneck problem affecting current supervised WSD 
algorithms. WSD algorithms are shown to perform much worse in general 
purpose text corpora than in journalistic text corpora, due to the stereotyped 
and repetitive nature of this type of corpora. The new bootstrapping 
algorithm is shown to reach the performance of supervised algorithms in 
general text, i.e. non-journalistic text corpora, and potentially to outperform 
them due to the use of a binary decision methodology jointly with the one-
sense-per-discourse (OSPD) property of natural language, and to the 
flexibility of bootstrapping algorithms, which is able to tackle the domain 
fluctuations present in general text corpora. 
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